Poverty eradication will remain United Nations highest priority after the Millennium Development Goals-2015 deadline. Moreover, although impressive achievements in poverty cutting have been reached in the last decade, progress has been uneven, as inequality has been increasing. Hence, future poverty reduction strategies should be designed taking into account the nexus between economic development, inequality and the so-called "pro-poor factors", which represent the set of policies able to make economic growth beneficial for the poor. The aim of this paper is to provide a quantitative answer to the following questions: Does economic growth reduce poverty? If so, by how much? How economic inequality affects poverty? Does the responsiveness of poverty to growth and inequality depend on initial poverty and inequality? How do pro-poor policies influence the poverty-growth-inequality nexus? Although these questions have received a great deal of attention along the years, this paper makes use of the most complete and up-to-date comparable data on growth, poverty and inequality, as compiled by the World Bank PovcalNet. Moreover, it originally employs the System Generalised Method of Moments estimator. In particular, the present empirical exercise is built on an original unbalanced panel dataset, which comprises 109 developing countries observed between 1981 and 2008, in 8 different three-year growth spells. As for the econometric technique, System GMM has been proved to be the most efficient and best suited in the context of dynamic unbalanced panels. Our main results are in line with the existing literature. First, we find that the poverty elasticity to growth and inequality is, respectively, around -2% and 2%. Second, the poverty elasticity to growth is higher the more favorable the initial conditions (i.e. -0.89% and -2.5% for, respectively, high and low initial poverty and inequality). Third, the poverty elasticity to inequality is higher in relatively richer and more equal countries (i.e. 2.6%) than in poorer and more unequal countries (i.e. 0.39%). And, finally, we show that human capital, as measured as health and education, facilitates the effect of economic growth on poverty reduction (i.e. poverty elasticity of -0.89% and -2.5% for, respectively, high and low infant mortality). Our analysis suggests that, in designing policy reduction strategies, policy makers should carefully take into considerations initial poverty and the initial income distribution. Moreover, as for the fundamental importance of pro-poor policies, and human capital in particular, economic policies should go beyond the mere growth stimulus. , economic policies should go beyond the mere growth stimulus.
INTRODUCTION
During the Poverty Eradication Day, in October 2013, the Secretary-General of the United Nations, Mr Ban Ki-Moon, has declared that poverty eradication will remain the UN highest priority after the Millennium Development Goals-2015 deadline and that sustainable development will be at the core of any poverty reduction strategy. Mr Ban has also warned that, although in the last 13 years impressive achievements in poverty cutting have been reached, progress has been uneven, as inequality has been increasing and too many individuals still lack adequate access to health care and education 1 . Thus, future poverty reduction strategies should be designed taking into account the nexus between economic development, inequality and the set of policies that should make economic growth particularly beneficial for the poor. Such policies include education, health services, credit and property rights and they are known as "pro-poor factors" after Besley and Burgess (2003) . 2 The aim of this paper is to provide a quantitative answer to the following questions: Does economic growth reduce poverty? If so, by how much? How economic inequality affects poverty? Does the responsiveness of poverty to growth and inequality depend on initial poverty and inequality? How do pro-poor policies influence the poverty-growth-inequality nexus? Although these questions have received a great deal of attention by eminent scholars along the years (Chen and Ravallion; Ravallion, 1997 Ravallion, , 2001 Ravallion, , 2012 Kalwij and Verschoor, 2007; Lopez and Serven, 2006; Bourguignon, 2003; Epaulard, 2003) , we provide a novel contribution to the literature. In particular, the originality of our work relies in the data as well as in the econometric technique employed. More in details, on the one hand, we make use of the most complete and up-to-date comparable data on growth, poverty and inequality, as compiled by the World Bank PovcalNet project; and, on the other, for the first time in the field of poverty elasticity estimation, we adopt the System Generalised Method of Moments estimator (sys-GMM from here onwards) by Arellano and Bover (1995) and Blundell and Bond (1998) . In line with existing empirical literature, our main findings are the following.
First, economic growth helps poverty reduction while inequality accelerations boost the number of the poor. In particular, we find that the poverty elasticities to growth and inequality are, respectively, around -2% and 2%. Second, poverty is more reactive to economic growth under favourable initial conditions in terms of poverty and inequality, with poverty elasticities equal respectively to -0.89% and -2.5% for high and low initial poverty and inequality. Third, the responsiveness of poverty to inequality crucially depends on the initial distribution of income. Consistently with Ravallion (2012) , Lopez and Serven (2006) and Kalwij and Verschoor (2007) , we show that the poverty elasticity to inequality is higher in relatively richer and more equal countries (i.e. 2.6%) than in poorer and more unequal countries (i.e. 0.39%).Finally, among the analysed pro-poor factors (i.e. human capital, credit availability and institutional development), we find that human capital, as measured by education and health, is what facilitates the most the effect of economic growth on poverty reduction (e.g. poverty elasticity of -0.89% and -2.5% for, respectively, high and low infant mortality).
The implications of our study are highly policy relevant. In particular, our results show that the extent to which growth reduce poverty is very much dependent on the initial income distribution and, thus, on initial poverty and inequality. Hence, the classical perspective as according to which the poorest benefit from economic growth as much as everybody else (Dollar and Kraay, 2002) is not supported. On the contrary, our analysis clearly demonstrates that the income distribution plays a major role for the success of any poverty reduction strategy and, thus, it is crucial for policy makers to quantify the responsiveness of poverty to economic growth, given the relevant initial conditions in terms of poverty and inequality. Moreover, our findings enrich the spectrum of the literature aimed at estimating the effects of pro-poor factors on the poverty-growth relation. With this respect, we envisage that the most important contextual feature that affect the poverty elasticity to growth are the initial conditions in human capital, as measured by health and education. Thus, in line with Sen (1999) , we show that the ability of the poor to benefit from economic growth crucially depends on the presence of some enabling conditions and, hence, economic growth and boosting consumption alone are unlikely to address poverty reduction.
The rest of the paper is organised as follows. Section 2 presents the five reduced forms estimated in the empirical exercise. Section 3 provides details on the data and the econometric technique employed. Section 4 discusses the results obtained. Section 5 presents a three-fold robustness check. Final comments and possible lines for future research conclude.
EMPIRICAL SPECIFICATIONS
Our exercise explores the interrelations between poverty, economic growth, inequality and pro-poor policies employing four different reduced forms. The first three estimable equations, exploring the poverty-growth-inequality nexus, are retrieved from the taxonomy of Bourguignon (2003) , while the last one, which encompasses the effects of pro-poor policies on poverty reduction, has been inspired by De Janvry and Sadoulet (2000) . Following Bourguignon (2003) , the first equation, also known in the literature as the Datt and Ravallion (1992) decomposition, is called the Standard Model. Formally:
Where Pit stands for poverty in country i at time t;   it and Git are, respectively, the country and time-specific mean income and Gini index and   it is the idiosyncratic error term. Thus, Equation (1) states that the percentage change in poverty depends on changes in mean income and changes in the distribution of income. In particular, the parameters 1  and 1  represent, respectively, the poverty elasticity to growth and inequality. The second of our reduced forms is called the Standard Model Improved I and it is written as follows:
In this instance the role of initial conditions on poverty (i.e. we are able to calculate the poverty elasticity to growth "corrected" for initial conditions as follows:
The third model is named Standard Model Improved II and it permits to compute not only the poverty elasticity to growth corrected for initial inequality and initial poverty but also the poverty elasticity to inequality corrected for the same factors, that is:
Employing the estimated parameters 1  , 2  and 3  at meaningful values of initial inequality and initial poverty, we calculate the poverty elasticity to inequality "corrected" for initial conditions as follows:
Finally, in the spirit of De Janvry and Sadoulet (2000), the last equation estimated considers the direct and indirect roles of some selected pro-poor factors for poverty reduction. Formally:
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Where matrix X collects the selected pro-poor growth factors that are human capital, credit constraints and institutional proxies. Such variables are taken at the beginning of the spell because it is customary to assume that their effects show up with some lags as well as to minimise the risk of endogeneity. Ravallion and Chen (1997) . Such a dataset collects national households' survey data and its latest release comprises 850 household surveys at three-year waves, from 1981 to 2008, in 127 developing countries. To the best of our knowledge, such a dataset has been used in the context of poverty elasticity estimation only by Lenagala and Ram (2010) . PovcalNet offers three main advantages. 4 First, the international and inter-temporal comparability of poverty figures, as ensured by the use of 2005-International Comparison Program (ICP) Purchasing Power Parity exchange rates. Second, the ready availability of a wide spectrum of poverty indicators and, third, the country coverage. It is worth noticing that PovcalNet collects comparable data for 80% of developing world (i.e. 127 countries over a total of 158, as according to WB definition) and that our sample covers 109 countries, which represents the 70% of developing economies. We use PovcalNet to calculate the poverty headcount ratio, the poverty gap and its square at 38 2005-PPP Dollars ($38 from here onwards) per month and 60 2005-PPP Dollars ($60 from here onwards) per month. As for the 2005-ICP, the $38 per month, or $1.25 a day, poverty line replaces the old "dollar a day" and it is the current threshold for extreme poverty. The $60 per month, or $2 a day, threshold represents, instead, the median poverty line of all developing countries during the period under consideration. For what concerns the poverty indicators employed in our econometric exercise, we focus principally on the headcount ratio. This is because such an indicator has, not only a straightforward interpretation, but it is also the most commonly cited poverty statistic (Collier and Dollar, 2001 ).
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PovcalNet household consumption-based income measures have been preferred to national accounts' ones, following previous studies on poverty, such as for example, Kalwij and Verschoor (2007). 6 Turning now to the econometric technique, for the first time in the field of poverty elasticity estimation, we employ the sys-GMM estimator by Arellano and Bover (1995) and Blundell and Bond (1998) . Such an identification strategy is motivated by two main considerations: (i) the endogeneity of poverty, growth, inequality, and pro-poor factors;
(ii) the superiority of sys-GMM with respect to the first-differenced GMM estimator by Arellano and Bond (1991) . In the context of dynamic unbalanced panel data, having a large cross-sectional but a small times-series dimension, the sys-GMM outperforms the first-differenced GMM in terms of efficiency as well as the sys-GMM transformation minimises the gaps in unbalanced panels (Caselli et al, 1996; Bond et al, 2001; Blundell and Bond (1998) and Roodman, 2006) .
Nevertheless, there are some caveats to keep in mind. In sys-GMM, the number of instruments tends to increase rapidly with the endogenous variables. This might weaken the Hansen test for over-identification restrictions as well as it might increases the finite-sample bias. To tackle these issues we adopt a specification that limits the number of instruments. Following Roodman (2006), we limit the number of lags employed and we "collapse" the instrument matrix. More technically, the estimates were performed using the "collapse" option that is available in Stata 12 which implies that one instrument is created for each variable and lag distance, instead of for each time period. Finally, as customary, we use the Arellano-Bond test for detecting the order of serial correlation and thus for assessing the appropriateness of the instruments.
RESULTS

The Poverty Elasticity to Growth and Inequality
In this section we discuss, with reference to the existing literature, our keys findings on the poverty elasticity to growth and inequality. Table 1 reports in chronological order the most relevant studies in the field and it summarises them. It is worth noticing that our estimates are comparable with the previous ones, as for both the empirical specifications as well as for the data employed, which have been mainly from the World Bank. For what concerns the Standard Model, the first column of Table 2 shows that the poverty elasticity to growth is around -1.7% for both poverty lines. Comparing our results with the ones of the established literature, the value of the poverty elasticity to growth is in line with the ones obtained using GMM while is unsurprisingly lower, in absolute value, than the ones found in studies that employ OLS. For instance, Kalwij and Verschoor (2007) , which uses GMM and it employs the $2 a day poverty line, gets a poverty elasticity to growth that, despite its variation across world regions, it is around -1.5% on average 7 . Bourguignon (2003) and Bruno, Ravallion and Squire (1998) , employing OLS, obtain, instead, an higher elasticity in absolute value, equal respectively to -2.01% and -2.28%. The lower GMM estimates are motivated by the fact that the GMM estimators have a lower bias than OLS (Soto, 2010) . Finally, it is worth noticing that our finding of a lower poverty elasticity to growth -in absolute value-at the $2 a day poverty line with respect to the one at $1.25 a day is in line with recent estimates that find a lower elasticity at higher poverty lines (Lenagala and Ram, 2010) . Turning now to the poverty elasticity to inequality, Table 2 shows that, in all the estimated models, and for both poverty lines, an increase in inequality is associated with higher poverty rates. Passing now to the discussion of the effect of initial conditions, as encompassed by Standard Model Improved I and II (i.e. Equation 2 and 3, respectively), it must be recalled that, as explained in Section 2, the poverty elasticity to growth and the poverty elasticity to inequality are obtained at meaningful levels of the initial levels of poverty and inequality. Table 3 reports the poverty elasticities to growth and inequality, based on Equation (2) estimated coefficients 8 . Table 3 shows that the initial levels of poverty and inequality can dramatically change the effectiveness of growth in reducing poverty. In particular, poverty is shown to be more reactive to economic growth under favourable initial conditions. As a matter of facts, when poverty it is measured at $1.25 per day, the absolute value of the poverty elasticity to growth is 1.2% if initial poverty and inequality take their median values (i.e. ginipovp50). At high level of initial poverty and inequality (i.e. ginipovp90), instead, the absolute value of the elasticity decreases to 0.89%, while at low levels of initial poverty and inequality (i.e. ginipovp10) it increases to 2.5%. The same conclusion can be reached when employing the $2 a day poverty line. In this case, the absolute value of the poverty elasticity to growth corrected for initial poverty and inequality ranges between 0.7% (at ginipovp90) and 1.9% (at ginipovp10). Our findings are very much in line with the ones of the existing literature, which are collected in Table 1 . In particular, it seems to be a quite well established result that the more favourable the initial conditions in terms of poverty and inequality the greater the effect of economic growth on poverty reduction (see, for example, Ravallion, 1997; De Janvry and Sadoulet, 2000; Epaulard, 2003; and Fosu, 2010) . Moreover, our results are very similar to the ones obtained by Kalwij and Verschoor (2007) , when estimating the Standard Model Improved II using GMM at the $2 a day poverty line. At mean values of initial level of inequality and development (defined as the ratio of mean income to the poverty line), their corrected poverty elasticity to growth ranges between 1.3% and 1.5% in absolute value and ours is slightly more than 1%.
Concluding with the analysis of the poverty elasticity to inequality, the calculations included in Table 3 unveil an inverse relationship between the poverty elasticity to inequality and the initial conditions on poverty and inequality. To clarify, this means that a worsening in the initial conditions makes the poverty rate to increase faster, for a given acceleration in inequality, in relatively richer and more equal countries. If we take for instance the $2 a day poverty line, the poverty elasticity to inequality ranges between 0.39 % (at high level of initial poverty and inequality) and 2.6% (at low level of initial poverty and inequality). This result must be interpreted in the light of the fact that the poverty elasticity to inequality crucially depends on the initial distribution of income. With the words of Ravallion (2012), high initial inequality matters to poverty reduction only in so far it entails a high initial incidence of poverty relative to the mean. Moreover, it is reassuring that our findings mimic the ones of the established literature. Lopez and Serven (2006) obtained the same inverse relationship between poverty elasticity to inequality and initial conditions, while demonstrating that the distribution of per capita income is well approximated by a lognormal density. Finally, Kalwij and Verschoor (2007) estimate the poverty elasticity to inequality at mean level of the interactions to be between 0.5% and 0.8% and our estimate for the median level is also 0.8%.
The Poverty Elasticity to Growth and Pro-Poor Factors
In this section we assess the role that pro-poor factors have for poverty reduction, as according to Equation (4). In particular, we consider human capital (i.e. health and education), credit constraints (i.e. credit to private sector and Foreign Aid) and institutions (i.e. prevalence of law and order and quality of bureaucracy). The pro-poor factors analysed are introduced one at a time in separate regressions so that we can clearly identify the direct and indirect effects of each variable. The details of our estimates are reported in Table 4 . Again, all models include year and regional dummies. The Arellano-Bond test and the Hansen J statistic are also reported. These diagnostic tests mostly show acceptable results, indicating that our estimates are reliable. Overall our findings show that improvements in human capital, institutions and credit availability substantially increase the responsiveness of poverty to income growth. With the only exception of primary school enrolment, all these variables are highly significant. Columns 5 and 6 of Table 4 reports the effect of institutions. Our estimates show better institutions are associated with lower poverty rate (i.e. negative sign), however only the quality of bureaucracy is statistically significant. Finally the last two columns of Table 4 show the impact of credit constraints. While credit is negative and significant as expected, aid is not significant. In order to unveil how the pro-poor factors analysed affect the responsiveness of poverty to economic growth, we focus our discussion on the interactive terms between these variables and income growth (i.e. coefficient
  in Equation 4). Moreover, to
analyse the effects of distinct policy manoeuvres in a comparative light, we calculate the corrected growth elasticity of poverty at three levels of the variable of interest: the median, the 10 th and the 90 th percentile. The results are summarized in Table 5 , where each percentile of interest has been associated with a country pertaining to such a percentile. Table 5 shows how different level of mortality, life expectancy and schooling affect the responsiveness of poverty to income growth. First we must point that the interactions between these variables and income growth are always highly significant. This is a particularly important result as it indicates that the level of human capital significantly affects the poverty elasticity to income. Although the role that human capital plays in economic development is well known (Hanushek and Wößmann, 2008) , in the empirical literature its effect on the poverty elasticity to growth seems ambiguous. While De Janvry and Sandoulet (2000) and Chibber and Nayyar (2007) find that health and schooling have a significant impact on the growth elasticity of poverty, Epaulard (2003), using a combined indicator of adult literacy, primary schooling and mortality, does not find any significant effects. Our calculations show that increasing health or schooling can dramatically change the poverty elasticity to growth. For example with high level of infant mortality, the equivalent of Chad in our sample, the poverty elasticity is -0.88%, however if mortality decreases to the level of Bulgaria, the elasticity turns out to be -2.5%. Similarly at high level of secondary schooling the poverty elasticity is -2.5% and at low level is -0.43%. The latter values are very close to those estimated by De Janvry and Sadoulet (2000) . In fact they estimate the poverty elasticity to be -1.59% at high level of education and -0.58% at low level of education. Table 4 We now turn onto analyse the effect of institutions and credit availability on the poverty elasticity to growth. The analysis of the impact of institutions on the poverty-growth relationship is scarce. However recent studies find that reduction in regulations enhances the absolute value of the poverty elasticity to growth (Chibber and Nayyar, 2007) and that that low corruption promotes economic growth and minimises income distribution conflicts and this, in turn, foster poverty reduction (Tebaldi and Mohan, 2010). Table 5 shows that better institutions and increased credit availability significantly increase the poverty elasticity to growth, taken in absolute value. Thus, our results support recent evidence that credit availability to private sector can improve the effectiveness of growth in reducing poverty (Chibber and Nayyar, 2007) . Aid also significantly affects the poverty elasticity to growth, although, interestingly, our calculations show that higher level of aid is associated with a slower pace of poverty reduction. This result is in line with the skeptical view about the developmental impact of aid (see, for example, Alesina and Weder, 2002) and it possibly indicates that aid itself is not sufficient to enable the poor with the 'capabilities' necessary to participate in the process of economic growth.
ROBUSTNESS CHECKS
In order to assess the robustness of our results, we employ a three-fold check. First, we re-estimate Equations 1 to 4 using the pooled OLS and Fixed Effects estimators. Table A4 collect such estimates for the poverty line at $38 a month.
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. This is done for two main reasons. On the one hand, it is useful for checking whether the results obtained are robust to the econometric technique employed and, on the other, it serves to validate the use of the sys-GMM estimator. Table A4 shows that, qualitatively, the results hold despite the different estimators employed. In particular, it could be noticed that the interactive terms analysed remain significant and have the expected sign. With respect to the appropriateness of the sys-GMM estimator, it is well known that the GMM estimates for the lagged dependent variable should fall between the upwardly biased OLS estimate (Hoeffler, 2002) and the downwardly biased fixed effects one (Nickell, 1981) . From Table A4 , it is apparent that in most of the cases, the coefficients on the lagged dependent variable lie close to the expected range.
Second, following Bourguignon (2003) and Kalwij and Verschoor (2007) , instead of controlling for the lagged dependent variable we include the initial level of development, defined as the ratio of the poverty line to mean income. At this point, it must be noticed that if, on the one hand, using initial level of poverty serves to fully exploit the properties of the sys-GMM estimator in dealing with endogeneity issues in the context of dynamic panel data (Bond et al., 2001) , on the other, employing the initial level of development (i.e. the ratio of the poverty line to mean income) ensures that the estimated model has the residual term at its minimum (Kalwij and Verschoor, 2007) .
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The results reported in Table A5 show that changing the definition of the lagged dependent variable does not alter our main results.
The accuracy of our main exercise is further confirmed by the checks reported in Table A6 , where we calculate the poverty elasticity to growth corrected for the initial level of development (i.e. the ratio of the poverty line to mean income) and initial inequality. The values obtained in this instance mimic quantitatively and qualitatively the ones of the main exercise (see Table 3 for reference). In particular, improvements in the initial level of development have still a statistically significant negative impact on poverty growth while any acceleration in inequality leads to more poor. Moreover, the corrected poverty elasticity to income range between -2.9%, at the most favourable initial conditions (i.e. low inequality and high development), and -0.1%, at the least favourable initial conditions (i.e. high inequality and low development). The poverty elasticity to inequality still exhibits a negative relation with initial conditions, being equal to 2.1% at the most favourable initial conditions and to 1.2% at the worst ones. The last checks we make are reported in Table A7 , where we estimate Equations 1-4 using the poverty gap and the squared poverty gap. Once again our main qualitative results are supported.
CONCLUSIONS AND POLICY IMPLICATIONS
Given the importance of poverty reduction for domestic and international policy makers, governments and academics have long discussed what can improve the living conditions of the poor. At the prime of the "Washington Consensus" the main policy prescription from institutions such as the World Bank was that developing countries should focus on achieving economic growth. Such a view has been backed up by Dollar and Kraay (2002) , who demonstrate that growth had a neutral impact on the distribution of income. Hence, the poorest should benefit from growth as much as everybody else. However, a decade of research on the poverty-growth nexus has much questioned such a statement. Recent studies have uncovered a large variation in the way that poverty responds to economic growth. A new consensus has emerged around the fact that the extent to which growth reduced poverty is very much dependent on the initial distribution of income, and hence on the level of inequality. Taking this into consideration, several empirical studies have analysed the intertwined relationship between poverty, growth and inequality. Another, although less developed, strand of the literature has analysed the effect of propoor factors on the poverty-growth relationship.
Employing the most up-to-date data on a very broad spectrum of developing countries (i.e. 72% as according the World Bank definition) as well as the System-GMM estimator, our work offers novel quantitative assessment of the intertwined relationship between poverty, economic growth, inequality and pro-poor factors. Our empirical exercises shows three key results that are in line with the existing literature.
First, economic growth helps poverty reduction while inequality accelerations boost the number of the poor. In particular, we find that the poverty elasticities to growth and inequality are, respectively, around -2% and 2%. Second, poverty is more reactive to economic growth under favourable initial conditions in terms of poverty and inequality, with poverty elasticities equal respectively to -0.89% and -2.5% for high and low initial poverty and inequality. Third, the responsiveness of poverty to inequality crucially depends on the initial distribution of income. Consistently with Ravallion (2012) , Lopez and Serven (2006) and Kalwij and Verschoor (2007) , we show that the poverty elasticity to inequality is higher in relatively richer and more equal countries (i.e. 2.6%) than in poorer and more unequal countries (i.e. 0.39%).
Moreover, we find novel empirical evidence that the pro-poor factors can dramatically increase the responsiveness of poverty to economic growth. In particular, we find that human capital, as measured by education and health, is what facilitates the most the effect of economic growth on poverty reduction (e.g. poverty elasticity of -0.89% and -2.5% for, respectively, high and low infant mortality). Thus, as according to Sen (1999) , we provide new empirical support that the ability of the poor to participate in economic growth depends on the presence of some enabling conditions and, then, economic growth and boosting consumption alone are unlikely to address poverty reduction. The implications of our study are highly policy relevant. The understanding of the responsiveness of poverty to growth and inequality is crucial when designing policy reduction strategy. Moreover, our calculations help to quantify the aggregate impact of policies geared at improving human capital stock, financial and institutional development on the poor.
Our study opens further lines of research. The first one is related to enriching the spectrum of pro-poor factors, evaluating, for example, the effects of different labour market institutions and policies on the poverty elasticity to growth. Then, complementing the macro-based evidence here provided with micro-empirical work would be of extreme importance, in order to fully understand why some individuals can take advantage of the opportunities brought by economic growth while others cannot.
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7 From -0.71% for Sub-Saharan Africa to -2.27% for the Middle East and North Africa and -1.31% for Eastern Europe, South and East Asia, and Latin America. 8 These calculations are available on request. We also performed similar calculations using the estimated coefficients in Equation (3), obtaining similar results. Also these results are available upon request. 9 To save some space we do not report the results obtained employing the $60 per month poverty line but they are available upon request. 10 Kalwij and Verschoor (2007) demonstrates that in the Standard Model Improved II (i.e. Equation 4), which encompasses all the others reduced forms we estimate, the relation between left and right hand side variables is exact, in the sense that the residual term is minimised, when the ratio of the poverty line to the initial cross-country mean income is employed. This is because such a model is built upon the properties of Foster-Greer-Thorbecke (1984) 
